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s ZME[E])3 (Linear Regression)

BE &R ERENFREARBEREEN
BIGEZER— T REENTGR, FRESFIEHERE—4%
S f(x)—wx+b

E5: f(x) =
HEX %’EH =
NEF—TEARN, SEERHE x BeeFuNXI Y f(x)
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< WMIJHZE w b IE?
o B, XBEETUEEH=E f(x) 5 y ZERNE?
< Fi, RoILAEIYAIRZE (Mean Square Error, MSE) :

m
(w*, b*) = argminZ(f(xj) — ¥;)*
(wb) 4=
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» EXXNT®HE “BNEKIEE (Euclidean Distance) ”
ET R RER/IMERIFITIERR KB T ETRA
"B/N_3k;% (Least Square Method) "
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s NIAENEZERNADEICRE R, HFREISFIEHER G —4
ZZ[I%x,E\-QdA FAE: x = (xq, %5, Xy)

o BAEIMHMBEIK: f)=wix+b

“ ET f)=y

< XA “"LitkiERYT (Multivariate Linear Regression) ”




x| E= A

4

L)

s EEBEREE, AEFENEN

» PRERZ MR R E — 2 MEBRAX

REARN DO FEHRENTE

FoA 118 0] LASK B — X R B X 450 B8 45 K ik A AR BY 57

L)

00

\/
0’0

\/
0’0




x| E= A

< XNERIOYE:
o XNE % MER)3 (Log-linear Regression)
“ Inf(x)=wix+b
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s EEML (Discretization)
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x| E= A

— BRI

s FONARBY By 45 R 9 ELLEE
o]l)§ (Regression) 128!
s FONARB B 45 RO B EENE

472 (Classification) 128!
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< Ban, YRETLMEREAIMEKEZL (Unit-step Function)
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x| E= A

< STEJLRREE—F “Sigmoid R , Bl S BIREL
s BBz EBEREAI—TZEEOS 18y E
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x| E= A

o XHJLRRELIr LEE:

< BZMETRBE TN SR XERERBNXNHLE

< B, EXNAERIRA:

< XFEJ1LZ[EIT (Logistic / Logit Regression)
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2. EARZMNINE “2H" , MBolFRNEMBERIN, XXTITFSFFFE
*E%? FHJJ/;&/\HI]'EE 'fEﬁ

3. sk, WHULRRMAZSESMUSHORY, SRFNEFEER, I8
BT S EUBR N EEE O EiR A T KL




H &

AR
AL

e IESE]E
2R B A
ZHEES)

2L 7l A Y2 fE7|o) ji




x| E= A

o ZMEF B (Linear Discriminant Analysis, LDA)
<o —HEBRN%EREI HE
o EZNEOBE FEAAKER Fisher F 1936 FiEH

< JRFR "“Fisher #5)247"




é)%’f?“dl‘iif&

 LDA El]/u\/u\jlzl%j;'\i
* RWERBFEARZI—FKES& L
P [F15

o RIERFANIRE /RO geEIE
‘:‘ %Ié*;riZI:El]j:xl 2/\\\ < ﬂﬁgﬁ%
0 331>
B 3.3 LDA®—4EF=&EH. “4+”7 . “ pAXKRELFR M), #HE R THIERY

IS ER, BER TR, LEEZSHEPFES AL SANERTREFERZE S PO 5.



Q)%lﬁ 1:% 7

4

L)

» LDAREBEXEEETMASZE (Covariance)
H* HEARNKRE SRR geiEi:

]: ERNBUEEPE (Scatter Matrix)
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SREFIARFE LR 3 (Blnary Classification) Z3JBUHES
AL, REHMERTENTLUFB ZoREIemRERZS 7730
REHBNFESREBE =

» —Xf— (Onevs. One, OvO)

—XfEH% (One vs. Rest, OVR)

Z3%%Z (Manyvs. Many, MvM)
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x| E= A
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< #la, 5998 N &AI, BIEFIRE 2 1

o BAEERBIRE—NKIEREFHFATON A R EHIF9EE
< FLBEIXZE) 99.8% BYEHEE (Precision)

o AMXFNREFESENE, AABAETN D{EDTIEHR
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< IEXFIAFE (Class Imbalance) [EERER
B4R (Rescaling)

o REWF: ER—EFEAEEL
o IEHF: BIN—EFAFEEL

R ERIE
REHEERE (H20: SMOTE)
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3l A FErn)
“ H{EF#E) (Threshold Moving)

<--- Decision threshold ...»

/MN\

Cases without disease

7\

Cases with disease

Number of cases

Classified as ”no disease” case | Classified as “disease” case

Algorithm output value
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3 BEE (NasF3 ), BEXFHhhRt

% https://item.jd.com/12762673.html
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5 HXE. BN (NsmFIANFR) , A

% https://github.com/datawhalechina/pumpkin-
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% Scikit-Learn
» https://scikit-learn.org

% TensorFlow
» https://www.tensorflow.org
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TensorFlow


https://scikit-learn.org/
https://www.tensorflow.org/
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