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o XNBIEE D = {xq, x5, ..., X}
<o BITBRREALNENASZRBE S HNEN D RREXNZFE, N:

g7 (/]
b=1|SD|,SD = {(zi, z;)|\; = A\j, A} # Xi,i < j}
d=|DD|, DD = {(z;,2;)| X\ # A\j, \f # N5,i < j}

a= 185,88 = {(z;,2))|\ = \j, Af = X3, 0 < j}
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< DJUSHTEHXEEANREERESIINEMER:
< Jaccard £#{ (Jaccard Coefficient, JC) :

C =

J a+b+c

% FM 3E%#{ (Fowlkes-Mallows Index, FMI) :

a a
FMI=\/ .
a+b a+c
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S WNEIEE D = {x, x5, ..., X}
o ZERBERERMNELD C ={C,C,, ...,C), BX:
» EAERNEREINES:

avg(C) =

2 -
ICI(IC] - 1) Zlgz‘qqm dist(s, z;)
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diam(C) = max;«;<;<|c| dist(z;, z;)
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< Dunn #%¢ (DunnIndex, DI) , {E#KHLF:

DI = min {min( in(C', C) )}
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<+ IEEE= (Distance Measure) R

< JERME: dist(x;,x) =0

< [B—MH&: dist(x;, x;) = 0 FHMNXE x; = x;

“ XIFRME: dist(x;, x;) = dist(x;, x;)

o BEM: dist(x;, x;) < dist(x;, x) + dist(xy, x;)
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% XoJkHETEESE (Minkowski Distance)
o p=20, RoJXETEIEZEAKEKIES (Euclidean Distance)
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» XOoJRETEIERE (Minkowski Distance)
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» VDM (Value Difference Metric)

L my o TRESE v EBUER a BIHEEARES
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FRE X

+z 9.1 HAHIEE 40

S BE  AWE

s EE  OAER | kT EE  OSHEX

1 0.697 0460 | 11  0.245  0.057 21 0.748  0.232
2 0.774  0.376 12 0.343  0.099 22  0.714  0.346
3 0634 0264 | 13 0639 0.161 23  0.483  0.312
4 0.608 0318 | 14  0.657  0.198 24 0478  0.437
5 0.556  0.215 15 0360 0.370 25 0525  0.369
6 0.403  0.237 16 0593  0.042 26  0.751  0.489
7 0.481  0.149 17 0.719  0.103 27 0532 0472
8 0437  0.211 18 0359 0.188 | 28  0.473  0.376
9 0.666  0.091 19 0339  0.241 209  0.725  0.445
10 0.243  0.267 20  0.282  0.257 30  0.446  0.459
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* REREES k=3

< BEERFRNEILEIR=THAR x5, X1z, X7 (FAYRINERSE:

u, = (0.403;0.237)
u, = (0.343;0.099)
u, = (0.532;0.472)
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o EEREAKN x, = (0.697;0.460)

s ESHABNERE u,. uy. us NEBESHIA: 0.369, 0.506, 0.166
AUt x; BHEXINGE C; &
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C = {335,3'36, 337,338,5179,3710,3313,$14,m15,3717,$18,$19,$20,€B23};
Cy = {®11, 212, T16};

C’3 — {mla L2, L3, L4, L2],L22, L24,L25, L26, L27,L28, L29, mBU}' 6



< F=&, AdMC. C. C aaIREFHAIIEMDE:

= (0.473;0.214)
= (0.394; 0.066)
= (0.623; 0.388)
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» 23 MmE84% (Learning Vector Quantization, LVQ)
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2% (Density-based Clustering)
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DBSCAN

<+ DBSCAN ENX 7T LATEIHER:

% e SP1iE

“ HARED 5 x; NEBAKT e IER
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“ Bx e PHEDEE MinPts MER, W x; B— ML R
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DBSCAN

< ZEHIX (Directly Density-reachable)
o HxNTFx; NeBEP, Hx BRONR, WK x; Hx, BEEHK
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% ZEo]iX (Density-reachable)
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% AGNES (Agglomerative Nesting)
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B/ NERE: dmin(Ci, Cj) = min dist(z, 2) ,

xecC} ,ZECj

BAPEE: dmnax(Ci, C;) = max  dist(z, 2) ,

xcC; ,ZECJ

. 1 :
SRR davg(Ci, Cj) = |CHO| Y: : dist(z, z) .
¢ J
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o TN, BEE (WsEFY) , FEXFLRAE
% https://item.jd.com/12762673.html

o TEINT BXE. EM (NssFINiFE) , ARH S MR
% https://qgithub.com/datawhalechina/pumpkin-book/



https://item.jd.com/12762673.html
https://github.com/datawhalechina/pumpkin-book/

* Scikit-Learn
* https://scikit-learn.org

*» TensorFlow
» https://www.tensorflow.org

L

TensorFlow
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https://www.tensorflow.org/
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